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Biost 518 / 515: Applied Biostatistics II
	Comment by Author: Total: 75/105. 
Homework #4

This homework investigates associations between death from any cause and age, sex, and serum bilirubin in a population of patients with primary biliary cirrhosis who were enrolled in a randomized clinical trial (RCT) of D-penicillamine. 
	Comment by Author: 7/10. 
1. Provide suitable descriptive statistics pertinent to the scientific questions addressed in this homework.
Methods: Descriptive statistics are displayed by observation type (censored/death) and for the entire sample of 418 subjects. Within each group, we presented the mean, standard deviation, minimum, and maximum for bilirubin and age, as there were no missing cases here. For sex, percentage female and number of missing cases was displayed.	Comment by Author: Good job mentioning missing cases. You should make a mention about what was done with subjects with missing data in your analyses. For example, in the key, “subjects missing data were omitted only if they were missing data for a variable needed for the specific analysis.”
Descriptive statistics were also presented for the censoring distribution for all the subjects in this trial. Here, the minimum and maximum censored times, the Kaplan-Meier estimates of the 25th and 50th percentile, and the Kaplan-Meier estimate of the mean time to follow up are displayed. 
Because subjects in this study have relatively high levels of bilirubin (since they have primary biliary cirrhosis (PBC)) and since it seems that bilirubin acts on a multiplicative scale, the following categories of bilirubin are displayed in the table: <1 mg/dl, 1-2 mg/dl, 2-4 mg/dl, and 4-28 mg/dl. These values were also chosen since there was a fairly even distribution of sample sizes among them.	Comment by Author: Be careful here about making causal inference conclusions!! And also about talking about what the actual data reflects in your methods. Everything in your methods should be able to be decided a priori, before looking at the data. (-1)	Comment by Author: Good job dividing up by bilirubin strata, and be using bilirubin levels from a doubling scale. 
The number of subjects and deaths is presented within each category and overall, as are the survival probabilities at 2, 6, and 12 years, and the restricted mean survival when all categories had some subjects at risk except for the 4-28 mg/dl category (11.45 years). A graph with Kaplan-Meier survival curves for each group is also displayed.

Inference: There were 418 subjects in this randomized clinical trial, but 106 of them were missing data on sex (including 70 who were censored). Those individuals were excluded from the analysis looking at the association between mortality and bilirubin when adjusting for sex, though we cannot be sure as to how those dropped subjects affect the generalizability of our results.	Comment by Author: Results.	Comment by Author: This should be in your methods section. 
Of the 418 subjects, the mean bilirubin level was 3.22 mg/dl, though the subjects who died had much higher levels of bilirubin (5.54 mg/dl) than those who were censored (1.77 mg/dl). The mean age overall was 50.7 years old, though those who died were older than the censored subjects (53.9 vs 48.7 years old). Among the 312 subjects with available information, censored individuals were also more likely to be female (92.5%) than those who died (82.4%). 	Comment by Author: Point to table 1. 	Comment by Author: No mention of age and sex distribution across bilirubin levels. This is an important thing to note because it will help assessment of possible effect modification or confounding. (-1)
Table 2 displays Kaplan-Meier based estimates of the survival distribution within 4 categories of bilirubin and among the entire group of subjects. The 418 subjects were followed for an average of 6.88 years (median=6.48 years; min=1.46 years; max=13.13 years). During this time, 161 deaths were observed. The progressively large difference in survival probabilities can be seen at 6 and 12 years between the <1 mg/dl category and >4 mg/dl group. In fact, everyone with bilirubin greater than 4 mg/dl died by 12 years of enrollment. Additionally, during the first 11.45 years, subjects with <1 mg/dl of bilirubin lived 10.16 years on average while those with >4 mg/dl of bilirubin lived 3.90 years on average.
Next, a graph with Kaplan-Meier curves is displayed for the 4 categories of bilirubin. Again, there is a trend for those with lower bilirubin to survive for a longer period of time. At the end of the 13.13 years of observation, more than 70% of subjects with <1 mg/dl of bilirubin survived, about 45% of those with 1-2 mg/dl of bilirubin survived, about 5% of those with 2-4 mg/dl of bilirubin survived, and there were no survivors for those individuals with bilirubin levels greater than 4 mg/dl.
	Table 1: Bilirubin, age, and sex, by type of observation and across all subjects	Comment by Author: This information should be calculated between bilirubin strata, not between censorship and death. This is important to do in order to detect whether age or sex are possible effect modifiers, confounders, or precision variables. I already took a point off for this in your results section so I will not take another point off, but keep this in mind. 
	 
	Observation
	All subjects (n=418)

	 
	Censored (n=257)
	Death (n=161)
	

	Bilirubin (md/dl)
	1.77                               (2.20; 0.3-18)
	5.54                                    (5.84; 0.3-28)
	3.22                                      (4.41; 0.3-28)

	Age (years)
	48.7                                  (10.4; 26.3-78.4)
	53.9                             (9.81; 30.9-76.7)
	50.7                                  (10.45; 26.3-78.4)

	Sex (% female)
	92.5%                     Missing = 70
	82.4%                  Missing = 36
	88.5%                       Missing = 106


Note: Descriptive statistics presented for continuous variables are the mean (standard deviation; minimum – maximum). For binary variables, percentages and number of missing cases are displayed. 


	Table 2: Kaplan-Meier based estimates of time to death for all subjects
	

	 
	Bilirubin at Study Enrollment
	All subjects

	 
	< 1 mg/dL
	1-2 mg/dL
	2-4 mg/dL
	4-28 mg/dL
	

	# Subjects
	142
	107
	78
	91
	418

	# Deaths
	20
	30
	44
	67
	161

	2 year Survival Probability
	99.3%
	97.2%
	91.0%
	79.1%
	92.8%

	6 year Survival Probability
	90.0%
	79.2%
	50.0%
	24.8%
	66.4%

	12 year Survival Probability
	70.9%	Comment by Author: These numbers are off from the ones in the answer key. I’m not sure what you did here, but I would go back and look and try to compare so you know how to do this code properly moving forward. (-1)
	44.9%
	4.8%
	0.0%
	35.3%

	25th percentile of Survival
	10.55 y
	7.11 y 
	2.74 y
	1.34 y
	4.00 y

	Median Survival
	--
	11.47 y
	5.70 y
	2.95 y
	9.30 y

	11.45 Years Restricted Mean of Survival 1
	10.16 y
	8.85 y
	6.03 y
	3.90 y 2
	7.76 y

	-- =  The median was not able to be estimated with the available data.

	1 Average number of years alive during the first 11.45 years.

	2 The last observation was a death, so this is an actual mean, not restricted mean.
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2. In prior homeworks using the Cardiovascular Health Study datasets, we were able to use logistic regression to investigate associations between mortality and various covariates. Why might such an approach not seem advisable with these data? (Consider the extent to which such analyses might be confounded and/or lack precision.)	Comment by Author: 5/10.
Answer: First, right-censoring occurs in this dataset starting at 1.46 years. Therefore, we should not use the other forms of regression that do not take into account censoring when looking at the entire time of observation (or anything past 1.4 years). Next, logistic regression does not improve when using robust standard error estimates, but we would like to allow our analyses to allow for heteroscedasticity. It also appears that sex or age might confound our analysis and/or be a precision variable, so these need to be addressed before running a logistic regression (or any regression). 	Comment by Author: It would have been more complete to describe why we COULD use the logistic regression for the Cardiovascular Health Study and what is different between that study and this study such that they required different types of regression. What is the difference between a 5 year dichotomy and a 1.5 year dichotomy, scientifically? See answer key for details about how this would effect your analysis if observation time was in fact a confounder, effect modifier, or a precision variable. (-2). 	Comment by Author: Or 18 months, but correct. 	Comment by Author: Should mention loss of precision by dichotomizing here (there is barely any data before the first censoring time at 1.46 years)  (-1). 	Comment by Author: You mentioned that we shouldn’t use regression that doesn’t take censoring into account (correct), but you didn’t mention why (because of potential confounding, effect modification, or lack of precision). (-1). 	Comment by Author: This doesn’t really make sense. Logistic regression doesn’t improve when using robust standard errors, true, but this suggests that the assumption of equal variances doesn’t really change your analysis much and so it doesn’t really matter, not that you can’t allow for heterscedasticity in logistic regression. (-1). 	Comment by Author: Yes, but this could be addressed in your descriptive statistics. The biggest concern here would be that observation time could be a potential confounding, effect modification, or precision variable. 


3. Perform a statistical regression analysis evaluating an association between serum bilirubin and all-cause mortality by comparing the instantaneous risk (hazard) of death over the entire period of observation across groups defined by serum bilirubin modeled as a continuous variable. 	Comment by Author: 7/10 points.
a. Include a full report of your inference about the association.
Methods: Using proportional hazards regression for all 418 subjects (where there were 161 observed deaths over 13.1 years),  we estimate the hazard ratio over the entire period of observation for groups of subjects varying by 1 mg/dl of bilirubin, using robust standard error estimates. A hazard ratio of 1 was tested, and 95% confidence intervals and p-values were Wald-based.  	Comment by Author: This should be in your results, not methods. (-1). 	Comment by Author: This is something that probably doesn’t need to be mentioned in your methods but used as an interpretation in your results.	Comment by Author: What kind of p-value? (-1).
Inference: Using proportional hazards regression, we estimate that for each difference of 1 mg/dl of bilirubin, the risk of (all-cause) mortality is 15.2% higher for those subjects with greater bilirubin. This observation is consistent with a group that has a 1 mg/dl higher bilirubin having a risk of mortality between 12.1% and 18.5% higher than the lower bilirubin group, based on a 95% confidence interval. This estimate is statistically significant (p < 0.001), so we can with high confidence reject the null hypothesis that there is no association between bilirubin and all-cause mortality. 	Comment by Author: Results. 	Comment by Author: Incorrect C.I. (-1). 

b. For each population defined by serum bilirubin value, compute the hazard ratio relative to a group having serum bilirubin of 1 mg/dL. (This will be used in problem 6).



4. Perform a statistical regression analysis evaluating an association between serum bilirubin and all-cause mortality by comparing the instantaneous risk (hazard) of death over the entire period of observation across groups defined by serum bilirubin modeled as a continuous logarithmically transformed variable. 	Comment by Author: 5/5. 
a. Why might this analysis be preferred a priori?
Answer: Before performing the analysis, log transformed bilirubin might be preferred since bilirubin acts on a multiplicative scale. A constant difference in bilirubin is not expected to have the same increase in risk, whereas a doubling would be more likely. Log transforming bilirubin would allow us to report association on a scientifically meaningful scale and add precision to our analysis.	Comment by Author: Good answer. It also may have been helpful to mention that given the population being studied, we would expect abnormal bilirubin measurements. 
b. Include a full report of your inference about the association.   	Comment by Author: 7/10.

Methods: Using proportional hazards regression for all 418 subjects (where there were 161 observed deaths over 13.1 years), we estimate the hazard ratio over the entire period of observation for groups of subjects varying by a 2-fold difference in bilirubin, using robust standard error estimates. Thus, analysis was performed on log-transformed bilirubin and reported on a 2-fold scale. A hazard ratio of 1 was tested, and 95% confidence intervals and p-values were Wald-based.  	Comment by Author: Clarify: two-sided p-value. (-1). 
Inference: Using proportional hazards regression, we estimate that for each doubling of bilirubin, the risk of (all-cause) mortality is 98.4% higher for those subjects with greater bilirubin. This observation is consistent with a group that has twice as much bilirubin as another having a risk of mortality between 1.78 to 2.21 times higher than the lower bilirubin group, based on a 95% confidence interval. This estimate is statistically significant (p < 0.001), so we can with high confidence reject the null hypothesis that there is no association between bilirubin and all-cause mortality. 	Comment by Author: Results.	Comment by Author: You should say how many deaths occurred. (-1). 	Comment by Author: This C.I. interpretation is confusing to read. You should report that it would be consistent with the truth if the TRUE value has a risk of mortality 1.78 to 2.12 times higher for a doubling of bilirubin. …. (-1). 
c. For each population defined by serum bilirubin value, compute the hazard ratio relative to a group having serum LDL of 1 mg/dL. (This will be used in problem 6).


5. One approach to testing to see whether an association between the response and the predictor of interest is adequately modeled by an untransformed continuous variable is to add some other transformation to the model and see if that added covariate provides statistically significant improved “fit” of the data. In this case, we could test for “linearity” of the bilirubin association with the log hazard ratio by including both the untransformed and log transformed bilirubin. (Other alternatives might have been bilirubin and bilirubin squared, but in this case our a priori interest in the log bilirubin might drive us to the specified analysis.) 

a. Provide full inference related to the question of whether the association is linear.
Methods: We used a proportional hazards regression model that included linear and log-transformed bilirubin terms for all 418 subjects (where there were 161 observed deaths over 13.1 years). First, the association between bilirubin and mortality was assessed by testing whether both the terms were simultaneously zero. The p-value for this 2 df test was based on Wald estimates that used robust standard error estimates. Next, the linearity of this association was tested using a Wald test that the slope of the log-transformed term was zero, using robust standard error estimates again. 	Comment by Author: 7/10. 	Comment by Author: Again, this should be mentioned in results, not methods. Methods should be able to be written a priori before looking at any data (-1). 	Comment by Author: Two-sided p-value. (-1). 	Comment by Author: You should state more clearly what is being tested by stating your null hypothesis. (-1)
Inference: Using a proportional hazards regression that included linear and log-transformed bilirubin terms, we see that there is an association between bilirubin and death that is statistically significant (p<0.001). Testing for nonlinearity by looking at the log bilirubin term in the model, we see that the value is highly statistically significant (p<0.001). Therefore, we can say with high confidence that the association between bilirubin and mortality is not adequately modeled by a log hazard function that uses untransformed (linear) bilirubin.	Comment by Author: Results. 	Comment by Author: Good results section, everything here is complete and correct. 

b. Again, save the fitted values from this model by obtaining the estimated HRs relative to a group with bilirubin of 1 mg/dl. (This will be used in problem 6.)

6. Display a graph with the fitted hazard ratios from problems 3 - 5. Comment on any similarities or differences of the fitted values from the three models.	Comment by Author: 7/10.
[image: ]
Answer: The graph above presents fitted hazard ratios from the three models in problems 3-5. All three models predict that individuals with higher bilirubin will have a higher relative hazard of mortality. Both Models 2 and 3 are similar in their approximations until about 15 mg/dl of bilirubin, whereas Model 1 estimates a lower relative hazard than the other models until about 20 mg/dl of bilirubin, when it estimates a higher relative hazard than the others. Model 1 appears to approximate an upward curvilinear trend in relative hazards, whereas Model 3 approximates a downward curvilinear trend. Model 2 seems to predict a linear trend in the relative hazards. 	Comment by Author:  You did a good job in describing in which bilirubin range the models were similar and where they differed- this is an important distinction to make.This answer is completely correct descriptively, but you could have been more thorough by commenting on the statistical relevance of these differences.  Model 3 is more flexible because it can choose to follow a log or a linear fit. The fact that it is closer to to the logarithmic fit suggests that log tranformed bilirubin may be a more correct choice then untransformed (linear) bilirubin.. I’m taking 3 points off because this idea is an important concept, it’s necessary to be able to describe what graphs like this would tell you about which model may be most correct, instead of just noting objective differences (-3). 


7. We are interested in considering analyses of the association between all cause mortality and serum bilirubin after adjustment for age and sex.	Comment by Author: 6/10/
a. What evidence is present in the data that would make you think that either sex or age might have confounded the association between death and bilirubin? 
Answer: When adding sex and age into the model, we see that the effect of bilirubin on death increases from the unadjusted model. With a doubling of bilirubin, the hazard ratio changes from 1.98 times higher (unadjusted) to 2.11 times higher (adjusted). We could also see from Table 1 that age and sex appear to be associated with mortality in the sample.  Furthermore, sex appears to be associated with bilirubin (table not presented). 	Comment by Author: This is one way of looking at it, but you should have been considering information that you  actually didn’t have since you didn’t do this for your descriptive statistics. You should have been considering the three basic components of a confounder: It’s association with the POI, it’s association with the outcome, and any possible causal relationship. No mention of causal pathway (-1), although you did mention that both age and sex appear to be associated with outcome (correct). 	Comment by Author: Good. Addressing the potential confounders relationship with the POI is important to assess possible confounding. No mention of the relationship of age and bilirubin (-1). You also drew no conclusions here- did you conclude that one of these is a potential confounder and one is not? What does it mean that these variables are or are not associated with the POI and outcome? (-2). 

b. What evidence is present in the data that would make you think that either sex or age might have added precision to the analysis of the association between death and bilirubin? (In real life, we would ideally decide whether to adjust in our pre-specified SAP).	Comment by Author: 7/10.
Answer: Here, we see that including sex would lower the sample size available and thus lower precision, and additionally we see that the unadjusted standard error is smaller than the adjusted standard error. However, we know that PBC affects women more than it does men, so stratifying by sex may result in a more precise analysis that does not mask the effect of sex on the association between bilirubin and mortality. Also, we know that older individuals who develop liver disease are likely to die within 5-10 years of the initial PBC diagnosis (which typically occurs between 35-60 years of age), so stratifying on age would enable the association to be more precise between bilirubin and mortality.	Comment by Author: Good catch. 	Comment by Author: Right, but the hazard ratio isn’t actually that different (1.071 for men instead of 1.0 for women, with no statistical significance, for the log-transformed model) (-2). 	Comment by Author: You could have used the proportional hazards evidence of the association between HR and age which would have given a better picture (-1). However, you do have the general picture here. 

c. Provide full inference regarding an association between death and bilirubin after adjustment for sex and age.	Comment by Author: 7/10. 
Methods: After adjusting for sex and age, we used proportional hazards regression for the 312 subjects with available data for sex (106 missing cases), age, bilirubin, and mortality, where there were 125 observed deaths over 13.1 years. We estimated the hazard ratio over the entire period of observation for groups of subjects varying by a 2-fold difference in bilirubin with the same sex and age, using robust standard error estimates. Thus, analysis was performed on log-transformed bilirubin and reported on a 2-fold scale. A hazard ratio of 1 was tested, and 95% confidence intervals and p-values were Wald-based.  	Comment by Author: You need to put this information in your results, not methods. You would not know how many deaths there were or the follow up time a priori. (-1). 	Comment by Author: Two-sided p-value. (-1). 
Inference: Using proportional hazards regression, we estimate that for each doubling of bilirubin, the risk of (all-cause) mortality is 2.11 times higher for those subjects with greater bilirubin of the same sex and age. This observation is consistent with a group that has twice as much bilirubin as another having a risk of mortality between 1.84 to 2.42 times higher than the lower bilirubin group with the same sex and age, based on a 95% confidence interval. This estimate is statistically significant (p < 0.001), so we can with high confidence reject the null hypothesis that there is no association between bilirubin and all-cause mortality after adjusting for sex and age. 	Comment by Author: C.I. interpretation is confusing here. It’s better to refer to the hypothetical truth… “this observation would be unsurprising if the true hazard ratio fell between 1.84 and 2.42”. (-1). 	Comment by Author: It’s better to just report the hazard ratios here, instead of  saying 1.84 to 2.42 times higher- the interpretation is confusing. 


8. Note that in the above analyses, we completely ignored the intervention in the RCT? What impact could this have had on our results?	Comment by Author: 10/10. 
Answer: Because this is a randomized control trial, we generally suppose that no confounding is present in our data. However, we are limited to PBC patients, which typically are women. Therefore we need to clearly specify the population that we can generalize our results to. Now, we found a statistically significant association after our results, but if we were unlucky in our sampling for the RCT, this result might be a Type I error. Again, before we conduct our analysis, we need to lay out which variables we will stratify by and why, as well as consider the study design.	Comment by Author: Good. You pointed out that the RCT in some sense precluded confounding! Full credit. 	Comment by Author: Good! The study may lack some external validity due to lack of generalizability and having more women, but as long as you state that, it’s okay. 	Comment by Author: Correct. Treatment is a (at most) precision variable in this analysis. 
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